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Abstract

Since Thailand adjusted to implement a floating exchange rate regime, the exchange rate
of the Thai baht against the U.S. dollar has been changing all the time. This has affected
loss or gain profits for international business transactions as a result of foreign exchange
rate fluctuations. This study aims to create a model to estimate and forecast the exchange
rate of the Thai baht against the U.S. dollar based on analysis of the time series using the
ARIMA model and a data collection from January 2011 to November 2014. The findings
reveal that during the study period the THB/USD exchange rate fell between THB 29-
33 / USD. The findings also indicate that the appropriate ARIMA model for forecasting
the exchange rate of THB/USD is (1, 0, 0) (1, 1, 0). When using this model to predict the
exchange rate of THB/USD in the second half of the year 2015, it turns out that the
exchange rate tends to be stronger, reaching THB 33-34 / USD. This currency movement
is consistent with the fact that the U.S. economy is slowly recovering. Therefore, business
transactions dealing with USD should be done with extreme care. Traders, especially
importers, are recommended to have risk assessment and preventive measures because

the U.S. currency is likely to become stronger.

Keywords: THB/USD Exchange Rate, ARIMA Model, Forecasting
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2. AT19EDUNITNILNLUAIVDIAIAIN
AMALAAEUL WU AaRR Kolmogorov fFsnnni
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Normal Distribution L&A Ltuuﬁﬁaadﬁﬁmm
ANITEN

3. ATIFALANNAANALARBUIINNTIW ACF

Residual ACF
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mswensidmsManiUaguevIbuuINFensaasansglnelsiuumasvaidn
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32.93, 32.66, 32.68, 32.33 Lla¢ 33.63 THB/USD

. : fianRaAIANTY
ANAIAL AIAITINT 2 LAZNINA 6

S fAa AAANAWNAY 0.470

winuaavluglaavanmanisweInsal 10 ¢ Ao winfimedzey AR(1) Haviniu
fuy ARIMA (1, 0, 0) (1, 1, 0) azldanns 0.836
MswennsalAe ® fn W19 ALma3va9 AR, Seasonal(1)

JAnny -0.523
t fs nan Ihsdunufau

a13197 2 ManennIniinsuanidsutuumdanaaansavisy (THB/USD) W.A. 2558

W.A.

NA. AW da we wa de nA &A Ny AA. W 5.0
(57-58)

AmeInIal 3295 32.58 3226 31.86 31.74 32.55 32.65 32.65 32.93 32.66 32.68 32.33 33.63

~ Observed
34.00- Forecast
-
o
33.0049 3
-
=
i =
o 3200 S
E 5
3 1
= =
31.009 g.
(1]
-
=
30.001
29.00
Y U P L AN U 3 P O P L
oo Ea o oo Ea o = =] o mEad omEa o
S T €3S s DT <T S 0TS 50 <3S 50 <
SN [SHS) [SHN) SN SN
PR PR P EE NIRRT PR R
- = = = Moy MWWy W oW P £ o Uy & th

O
-
o

i 6 MInenIaldnTLaniasuas UL mMAsnoaaIansy W.A. 2558

26 01581SIBINNS LININBIdenanIsAINg Luvermansia:avAUAMans




a5 WRZUDLAUDLUL

msfnEEee manennsaidnuaniUien
Sunnsansaaisansy lawlddoyalumsdne
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LRI LUU AT AT AN NETA
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