1S 1S36"Ms  UMAdng1dsronisAning
UA 28 avui 1 ideuunsiay - GuiAy 2551

sidSauinauds: "nsMwmsmunamsidu

UBnnaulaglizds OLS Regression 35 Logistic
Regression 1a:08 Discriminant Analysis
Tunscindonsaou uool 2 A
Comparison of Efficiency of OLS Regression,
Logistic Regression and Discriminant Analysis
for Classification Binary Outcomes

© MIDWS MBB:IMUL
C {eA assdlszan wn Gfdseygna
WnAneduvranissilng

E-mail: doungporn__hat@utcc.ac.th

UNARED
3519 dandenld lunisvirunensu N’]ﬁﬂﬂ@:ﬂﬁgﬂﬁﬂﬂuﬂiiﬁﬁﬁ’)LL‘JJiG]ﬂ‘U U 2 A
Ao 75 Discriminant Analysis 35 Logistic Regression Waz35 OLS Regression #ydin uNf

Tun1s1438 Discriminant Analysis waz33 OLS Regression amfingadviu luzaenis
Logistic Regression Mifide awuiidfun1suanuastnd  ads “NiuSIB9L “uLazad

w5Usu AN AU AL SR [HViNune nsAneiiingyse JAiBLSsuiBuYsE “ndaw

(% .
ad o 1

Tun1sviunenisdiu nBnnguignsinesiieisneg 14 WYL UM RN I FA NN §
mnmiﬁnmwudﬂﬂ'ﬁaﬂa:‘*ﬂaawamiﬁﬂmﬂﬂgﬂﬁaaﬁqlﬁmn’i'ﬁ‘ﬁo W HAN NWUSLBIUIN
AUl “nuse “nsnea “ula deudaclylidnisnsnn aunisuanuavlnfivassulsn ldvinune

fima 35 Discriminant Analysis 3zlidadzzaswan1sviwefigndosnnit o Tunnszdu

149




MSIWSIUINEUUS: “NENWNISIuIenIsidu u75nnaU1hafu?5 OLS Regression 35 Logistic Regression 11a:8 Discriminant
Analysis Tunscinisonusmeu uavid 2 A1

¥ o

289A7 VIF uazAinpacsadmiulaiisannin  us °w%’umniﬁ°ﬁa§aﬁm“’uﬂiz"m%mi

@
aa o

fin “ulan1nnin 0.5 3509 ’]J\I‘[ﬁ?‘hLQ&‘EJ“IJ?NWaﬂﬁﬁ’]uﬁﬂﬁgﬂﬁﬂd\h\iLLﬁmﬁi’NﬁIu

A °’1ﬁ'§y: OLS Regression, Logistic Regression, Discriminant Analysis

fudiney usd fudsiBenunw

Abstract

150

The most widely used statistical methods for analyzing categorical outcome variables
are Discriminant Analysis and Logistic Regression. If a dependent variable is a binary
outcome, an analyst can choose among Discriminant Analysis, Logistic and OLS
Regression. The statistical assumptions required for Discriminant Analysis are essentially
the same as for OLS Regression. Logistic Regression makes no assumption about
the distribution of the independent variables. They do not have to be normally distributed,
linearly related or of equal variance within each group. The purpose of this study was to
compare the predication accuracy of the three statistical methods mentioned above in
order to highlight the most appropriate method. The results showed that the percentage
of predicted value resulting from these three methods was highly correlated to the
coefficient of determination. However, the normal distribution of the predicted variables
was not examined. For every level of VIF and the percentage of qualitative variables, the
Discriminant Analysis method gave the most accurate result. Nevertheless, for data having
coefficient determination of more than 0.5, all methods gave the same performance in the

average of predicted value.

Keywords: OLS Regression, Logistic Regression, Discriminant Analysis, Response

Variable, Categorical Variable
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Classification Table®

Observed Predicted
NEWSIZE Percentage
Correct
.00 1.00
Step 1 NEWSIZE .00 51 0 100.0
1.00 0 19 100.0
Overall Percentage 100.0

a The cut value is .500

Variables in the Equation

OoLS LR DA VIF RSQ RATIO
0 0 54* 1 0.02 4
0 2.9 57.6* 1.65 0.06 5
0 42 57.8 40.8 0.14 5
0 0 53.1* 4.25 0.01 3
0 0 59 1.17 0.06 27
0 0 57.2¢ 1.1 0.03 3
0 0 56.8* 4.5 0.02 9
0 0 42.4* 1.01 0.02 3
0 15.4 69.2 1.12 0.16 20
0 0 46* 1 0.02 4
0 0 59.5* 2.29 0.003 9
0 12 73.3 1.09 0.14 14
0 5 50 3.49 0.07 16
0 42 67 40.8 0.14 5
0 4 62.7 1.57 0.09 5
0 10 66.5 2.92 0.11 5
0 18 51.9* | 39.36 0.07 5
0 28 61.1 | 40.29 0.12 5
0 0 55.7* 7.94 0.01 8

* ﬂd“ﬁ'agaﬁlﬂmﬂ‘ﬁ%%‘ Discriminant Analysis
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B SE. | Wald | df | Sig.
Step 17 SALE 587 | 13979 | 002 | 1| .9
TIME 441 | 18173 | 001 | 1| .98
Constant | -335.33 | 8017.73 | 002 | 1| .9
d' [ & A U U
gilVI 2 WA aWﬁV]Iﬂﬁ)']ﬂﬂ']iﬂﬁZN'J@W@ﬂ')ﬂ

Tusunsn 15931 SPSS wavdioyaisl
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MMa dUlALIINUATHANIINA BU
AN310LM591n35 OLS Regression

13 anndaviu

LR DA RSQ n nsmall
375 62.5 0.28 22 8
13.8 54.9 0.07 100 29
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